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We're missing (at least one) major paradigm for LLM learning. Not sure ﬁ1|]ﬂ1¥iﬁ7%7 (:zé’/l\—ﬂ!) i%EB{JLLMP;"‘/j-;‘EKO ﬁ*ﬁﬁ@ﬁ(gﬂﬁﬁi E, E’Z:ﬁeﬁ.—gﬂk

what to call it, possibly it has a name - system prompt learning?
RE—ARFIRTRF]?

Pretraining is for knowledge.
Finetuning (SL/RL) is for habitual behavior.

fillZx2 7 T SREXVANIR,
Both of these involve a change in parameters but a lot of human learning

feels more like a change in system prompt. You encounter a problem, ﬂ"&ﬁ (Hﬁg"#‘ g/gﬁ’f‘bﬁ > ) %j‘j Tt%?%‘/j Tﬁﬁ?ﬁ'j‘j o
figure something out, then "remember" something in fairly explicit terms

for th ttime. E.g. "It hen | ter thi d that kind of \ . TTERN sy =] \ Pr — sz 2/ S N
e e L SeeTe e Sneourer meane o e | RERMARBLERSEAE, EAXNARYISEERREEHALKIRT. HIRBE

problem, | should try this and that kind of an approach/solution”. It feels

more like taking notes for yourself, i.e. something like the "Memory" gﬂ\ ﬁz’éUﬁH&Ti%%, zA_—:L‘HEﬁﬂﬁﬁ%ﬂ’ﬂﬁiﬁ"iﬁﬂi"@i’ﬁ%fﬂ%o ttﬁﬂ"éii%%éﬂﬁ%l‘ﬂ;%ﬂﬂﬂ, ﬁﬁ_‘.z

feature but not to store per-user random facts, but general/global

problem solving knowledge and strategies. LLMs are quite literally like i&'gﬁtgﬂﬂlﬁmﬁgﬁ" . ﬁ%{%%ﬁ E afm%ia’ ;Eﬂ;{q:"ia:m"lj]ﬁg’ 1§7FIEE% ;Eﬁﬁgﬁﬁ}: I}ﬁ

the guy in Memento, except we haven't given them their scratchpad yet.

Note that this paradigm is also significantly more powerful and data HER, MR BEANEMBEREINIAFNKRE . SaIRILLMREVER Gel2ER) EMERA, R
efficient because a knowledge-guided "review" stage is a significantly

higher dimensional feedback channel than a reward scaler. *ﬂﬁﬂ]ﬂf&g‘g'&jﬂ];ﬁ%iﬂ$$o ‘Eﬁ"if%a"]%, E*IPTBFKEME SZZEJ:E%J%E?(, A jg%l]

0 =, - n LN\ EA 1B . 1 -} nJ— R \:l —EEE /
| was prompted to jot down this shower of thoughts after reading 5| SN"E 2" MERRENRIREE, ZLE—XMInE

through Claude's system prompt, which currently seems to be around

17,000 words, specifying not just basic behavior style/preferences (e.g. {E1§ﬁ'_:j 'FE“_—“,%\%B’\EQM, %ﬁ]ﬁg? Claude'[:/ti*_é’\]'lZOOOiaﬂ"J%gﬁﬁaEﬂ_'\ o iZ‘E?Ez‘T‘xT\W%ﬂ

SO

Hoi}

dim
W

refuse various requests related to song lyrics) but also a large amount of

general problem solving strategies, e.g.: E 7 EhT AN (EEAEESFEBEXNSMIBER) , RS T XS BB ERRE,

"If Claude is asked to count words, letters, and characters, it thinks step 1§|J ;Z[] .
by step before answering the person. It explicitly counts the words,
letters, or characters by assigning a number to each. It only answers the

person once it has performed this explicit counting step.” "%H%E*éﬁ,ﬂ'%iﬁl\ $E:§E$%}Hq, CIaUde%E”%Eﬁﬁ"fE\%o E‘%Bﬁﬁ%ﬁﬂﬁgﬁﬁ\ﬁi
BERIT, REEERRXTERNITATREAEHER., "

N\

This is to help Claude solve 'r' in strawberry etc. Imo this is not the kind
of problem solving knowledge that should be baked into weights via

Reinforcement Learning, or least not immediately/exclusively. And it XISt EA TRREMN"ESRE1EPFE/LNr"Wef, F£EEFR, XE o RENBAN 1%

certainly shouldn't come from human engineers writing system prompts

by hand. It should come from System Prompt learning, which resembles Bt FEIBEARRINER (ZEVAMNIZVEIE S kE XA R) , BEAMZAKE TIE)
RL in the setup, with the exception of the learning algorithm (edits vs

gradient descent). A large section of the LLM system prompt could be %Iéﬁ%‘%éﬁ}%,ﬁo 'E'F_“Zl%l%Eﬁéﬁﬁﬁ?"é‘ﬁ—iX*'P"EKE?&ML%M%&PC"’;‘E, Z%UE
[ [ I |d look a bit like th . - . -_—ay o == ~EZ Sk
e thie o e F¥IEF (EBREVSHBETRE) . LLMAZRROBRABS ABBTED XM I A

writing a book for itself on how to solve problems. If this works it would

be a new/powerful learning paradigm. With a lot of details left to figure AR, MEELLMAECRKRSENOTRRIERE. NMRAT, XEBER—MeiEE AN

out (how do the edits work? can/should you learn the edit system? how

do you gradually move knowledge from the explicit system text to > ‘;"éit . %%Eﬁk%gmﬁ%g}gﬁg . %tﬁ*ﬂ%”tn{q‘@{/ﬁ? Iﬁgé/ \_\“‘2'(";-‘._‘- > ﬁﬁﬁ%éﬁ'? pn@{%
habitual weights, as humans seem to do? etc.).
AEXFEREEINARTEZHC NI RENE? FF.
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System

You are ChatGPT, a large language model trained by OpenAl, based on the GPT-4.5
architecture.

Knowledge cutoff: 2023-10

Current date:

User

{Raf

Assistent

Ref! @ ESHRER, BHLEK
] AZB{RAYNE?

BB RSt ST H L E 2R A s B )| ek EIEFER N R G R a4 I 2 8 S R E = TN EE

601 RS He a2 B https://qgithub.com/asgeirtj/system: prompts’” leaks/tree/main
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System

You are ChatGPT, a large language model trained by OpenAl, based on the GPT-4.5
architecture.

Knowledge cutoff: 2023-10

Current date:

User
{R4F

Assistent
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<|system|> You are ChatGPT, a large language model trained by OpenAl, based on the
GPT-4.5 architecture.

Knowledge cutoff: 2023-10

Current date:

<|endoftext|>

<|user|> {R¥F <|endoftext|>

<|assistant|> {R3F! @ RESHXWENR, BtAFE FTUFEIME? <]
endoftext|>

X

12 B A )| R Bl FH—LE5 15 token S fnic 6] B ER 2= !
2= https://qithub.com/kitools/deepseek-token-counter/blob/main/public/deepseek v3 tokenizer/tokenizer: config.[son


https://github.com/kitools/deepseek-token-counter/blob/main/public/deepseek_v3_tokenizer/tokenizer_config.json
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<|system|> You are ChatGPT, a large language model trained by OpenAl, based on the
GPT-4.5 architecture.

Knowledge cutoff: 2023-10

Current date:

<|endoftext|>

<|user|> {R4F <|endoftext|>

<|assistant|> {R¥F! @ REAKWER, Bt4aE TUEBRIIE? <
endoftext|>
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<|system|> You are ChatGPT, a large language model trained by OpenAl, based on the
GPT-4.5 architecture.

Knowledge cutoff: 2023-10

Current date:

<|endoftext|>

<|user|> {R4F <|endoftext|>

<|assistant|> {73f! @ RSAKILEUR, Bit4aF TUTBRE? <|
endoftext|>

<|user|> {RE1E <|endoftext|>

<|assistant|>

HE &7 HE S HHSE AT S —E8 70 XA
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<|system|> You are ChatGPT, a large language model trained by OpenAl, based on the
GPT-4.5 architecture.

Knowledge cutoff: 2023-10

Current date:

<|endoftext|>

<|user|> {R¥F <|endoftext|>

<|assistant|> {R3F! @ RESHWER, Bi+2F I AFEIREE? <

endoftext|>

<|user|> /R21E <|endoftext|>

natGPT, B OpenAl ~a]H &BIEE BEAIBNF !
BEmENTRIREZIEEE), TS0, EEEIN. FBIR

IR H R imzViZ 5, ABAE | token # = &I1%=25E
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<|system|> You are ChatGPT, a large language model trained by OpenAl, based on the
GPT-4.5 architecture.

Knowledge cutoff: 2023-10

Current date:

<|endoftext|>

<|user|> {R¥F <|endoftext|>

<|assistant|> {73! @ REHWER, BT AIAFEIRIE? <

endoftext|>

<|user|> 1R 21 <|endoftext|>

natGPT, B OpenAl ~a]H &BIEE BEAIBNF !

@ZE/]1 anjj1 TIE'f/ *EP;BHjJ %i/b\% g%‘:l IE_\.\ ]:IE'T/\L-LX BJ-L{ Hg
X, RERHMTERER, BRIASROIWEIRE. ©

B8O, SEFEERICAINE? fERSIREME! <|endoftext|>

= Rl 2 55 me, (S e S
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Function Call / Tool Using B T {E[RIE

<|system|> You are ChatGPT

<|endoftext|>

<|user|> 1TE 235*642 FF %/ <|endoftext|>

<|assistant|> FIS{ERITEIKITE, function
<|tool_sep|> Calculator
“json

{ “exp”: “235 * 642" )

H 725 ENFTHY 55k token i Bl & 72 & 1E FH iR B BRI ZY
RN iERR LR R E (2 525



Function Call / Tool Using B T {E[RIE

<|system|> You are ChatGPT

<|endoftext|>

<|user|> 1TE 235*642 FF %/ <|endoftext|>

<|assistant|> B EHITEZRFITE, function
<|tool_sep|>
~ison

1= [ AR HE R ZX R 2 PR A0 2 2306 S 1A FHTE NV BR 20 FH e R g Bt B fg U i A 2 SEZAS FH

=R el A



Function Call / Tool Using B T {E[RIE

<|system|> You are ChatGPT

<|endoftext|>

<|user|> 1TE 235*642 FF %/ <|endoftext|>

<|assistant|> BOF{ERITEZIITE, function
<|tool_sep|>
“json

LR <& 150870 , <|endoftext|>



Function Call / Tool Using YT {E[RIE

User
T8 235642 FF 2D

Assistent

B ERTRZRITE,

2{EH calculator

£ B 150870 .
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SWOT FE1,MAHLLM: (5923

System User

#H## (FS5HRIA
FltrSaR B 2 TIMEMEFHNETTE ((BEARMEE) .

==~ [ E R ]====

### user=1E

userH FRBEEN LWALAP, TR—UEED, BRIMIEIE, =A==
EANIHRHINE IR R AEH BT B 5B S erm
### {REY[E] N

(EEE—MRIRISONTS. (RFRIEANE) . HANTHEI Aesictant

“TypeScript
interface YourResponse {

analyze: string; // {RES¥IE D47,
matched: boolean; // &1 Z|ICHEAIRNEY
name?: string|nulljlundefined; // UCECAYRAEY R FR

N\\\




SWOT FE2,/FAHLLM: {5

System

### (TSR
MBELSUEMNEIL, STlEE, HiREKBDIE,

- (RROZEREICHIS R IER (steps) KepAlE, XESREMRE, MIRATPLEHERBMES. &5
B RERERXEDER,

- R AMREFEZICHEX N T REE (tools) , @EIIMEMRELRERELN],
- (RRENEZICPHIEICE (datums) , BEETHARL.

- REEEZICHIRFINETR (tips) , AESZEEREN],

- ZILA—EREAE, MBFERERE,

- IRRBLEEE, fEZICABEMW, WFEECES, EIUTHERE.

### user2if
userFAEBEREX FHALRF, mMe—1THEREO, hE(RABNE,
EaNMRAIMENEICNESTHIOEE .,

### (RAVEI N
{RRIZEE —THRERNJISONN R (AHEMERAS) , FEUNTEROEX:
\'\'\' TypeScript

interface YourResponse {
plan: string; // {REVFIEZ 11X, HEARRITENCETRXTRE ., EEREAERNA,
usefulDatums?: string[]; / AWREICPFAE ELdatumITZHX T EEEE), (Aol MUEXERBAES A,
analyzes: string[]; // ¥4HIVARBUERZE, NIZERZEICFNTE, FTELSTE BEMRASTIFHEAMER,
answer: string; // fINRAER, BER—TFREH,
didFollow: boolean; // B@&EBE T EICHEBEE,
reflection?: string; // [EELE] RN XTEEMNKRE, HEHRRETHRXT#ENEBEZSIIZFBEK.
noteAdvice?: string; / [IEAE] RWEICHVEIY, HEAIRIAAEICHILE FZERH,

User

====[Fi0]====

————[H ===

====[1F 1 E K[

Assistant




SWOT SE3RIAALLM: Sirias, EREICBeTY

System User
### (TSR
RS BIBEEIMERER, EFRo8029M, HUXZEICHERA R, REXKELOE,
MREBEZNZEIL, MBEEERAEENZICREEF (WX KEHER, HLAISONIRIVAZ IR A TEIREY zzzz[%-‘lﬂ]::::
[BIN A,
ZIRBRNERN ZENTENX D, UAESREITENTE,
it EFEIL - e m e
${NOTE_DESC_TOKEN} ====[Lﬁ§\ IFIR &SR %4:7”?]::::
### EICRIE
${NOTE_OPS_TOKEN) ‘
### user1f ::::[1%*&%* O }\_\L]::::

userA N EREEX ENAZAF, ME—1T#EEREO, tLEIRIVENE,
ESNMRMEEE. ERER (URTEERRAE) | mrxE=TNEanNER,

### {RAY[E] N7
(RELXEE — MR EJSONE R (FEEMEIANS) , Bl TEOEN:
\\\'TypeScript Assistant

interface YourResponse {

glance: string; // BRI EIRIE AN E—EIR,

format_analyze: string; // REBIEHEZRTEIRE R, HMLI2EXEHTHBN DESHVEIR. WRFEXH
Bz, NMNiZ5EEMERIname, descBlclue (FlBIKHE) .

analyzeQ: string; // IFHITIEATAIMABNZEICAEUBRXTEE . FH3steps, tools, datumsHtipsZE 1 #
1T,

analyze_final: string; // {RE9EZE,
operations?: {
method: string; // #1 "CREATE_QT" £, E{RitXIXZEICHITAORRME.
args: {[key: string]: any}; // fRITXIXTZICHRITRVIRIERVSEL, S0 iR —15,
W; /7 AR XX I RATRIE TR IE. MRIRIAIZDHERZ R, N ARNRERXDFE.
}



SWOT 4, /ARALLM: S17MEiCBRAENSH

System User
#i# (L5 1mn
BES: FARKER, BTANZEERHISHARERAM—HEREBOT. 0. MEEHETS s s
WAERNF—HEMBROBEBOIT. ERNOTERHTHN, ANTEFEES. \n1, FETHERET ====[%£1C]====

FERWEIREXTHZ URENZER, 2. AEISNREERE0RNWTE, EEEHMERES

thAB OISR, (B(ER T FAEWERER. 03, (IEEIREEROEEITRIS R — A FRiEinE

ithl, BEM(IFHERINTERK, BERTIFSNEESNEY. N4, (FEEZEEREICHIER, L

IR AR EHE RS AR EIE Y EISUARAE, 05, MRZCHEXTRISEILITFT—, FEEESHI ====[FH1TERITXl]====
s S B R TR

### T £18\n${NOTE_DESC_TOKEN}

### Z1CHRIE\N${NOTE_OPS_TOKEN} ====[15IRE KB\ ]====
## user2ifE nuserE REEEEN FIWALERP, ME—MURED, HERUE, \"EaRRIEMHmE

WERHERMWERITR GHT) .

#H# TEEZICANZENAE

### {RAY[EI LY _
(RRIZEI S — M EAIJSONSTR (REEMEANS) | BalTFEOEY: Assistant
\'\'\'TypeScript

interface YourResponse {
I AR AR EREBOT XD AR S HERE, */
analyze1: string;
I ARRIEIRE Z1CAS KX FRBVERIN o AT Ao —F e Z R B */
analyze?2: string;
[ FRREaEHNTE ZENESOT, */
operations?: {
method: string; // %1 "CREATE_QT" &, Z2itXINZEICHITRVRE.
args: {[key: string]: any}; // ItXINEICHITRIURENSE, S E£iciEE —7.
10;
}
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